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Reliability engineering (failure probabilities, …)

Queuing theory (waiting in line …)
- dimensioning of call centers 
- router queues on the internet

Chemical reactions (time-evolution …)

…

Pagerank

Epidemiology (time until threshold…)
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probabilities and 
expectations 

at a single time point

expected time 
averages and 
frequencies of 

events

the probability of reaching 
a set of goal states while 
only visiting safe states

n
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expected time 
until a given 
event occurs

expected 
transition count 
between given 

states
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inferences in sum-product form
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sum-product laws for imprecise Markov chains

inferences in sum-product form



Sum-Product Laws and Efficient 
Algorithms for Imprecise Markov Chains

sum-product laws for imprecise Markov chains

efficient algorithms for computing 
tight bounds on inferences

inferences in sum-product form

+
<latexit sha1_base64="UeZ9MdSeYrPEW7wrUa1915tWLHw="></latexit>!



Sum-Product Laws and Efficient 
Algorithms for Imprecise Markov Chains

Jasper De Bock, Alexander Erreygers, Thomas Krak
UAI 2021, July 27- 30
Online

please let this  
be my last online 

conference…






