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sets of probability measures, the concept of epistemic irrelevance is probably the easiest
to explain — intuitively, ¥ is epistemically irrelevant to Y if assessments about X do not
change when we observe ¥ [36]. Epistemic independence is the symmetric concept: X and

are if each one is irrelevant to the other. Despite
their intuitive content, epistemic irrelevance and epistemic independence are quite difficult
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